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ABSTRACT

Every stakeholder involved in digital assessment has preferences directly related to
how they view the advantages and potential risks of doing so. While digital
assessment has many advantages, its versatility and flexibility make it look
susceptible to exploitation and misconduct, mainly when utilised by stakeholders
who lack integrity, which could affect the acceptance and adoption of this
technology. This study aims to investigate the key elements influencing the
adoption and implementation of online proctored assessments by the educational
stakeholders within the chosen university. A survey tool was used to collect data by
stratified random sampling from stakeholders, including students and academic
staff. Focusing on remotely proctored examinations, the survey questions were
developed using the Innovation Diffusion Theory (IDT) and Unified Theory of
Acceptance and Use of Technology (UTAUT2) model constructs to ascertain
stakeholders' preferences for adopting remote digital assessment. A quantitative
analysis methodology was used to test our present theoretical model and determine
the causality between variables of the constructs employed. The result of the
analysis showed that “Performance Expectancy” (0.27), “Social Influence” (0.177),
and “Personal Innovativeness” (0.161) have the highest positive standardised
coefficients, indicating that they have the strongest positive relationship with
“Behavioural Intention” to adopt remote proctored examination. This study’s
findings will likely make it easier to pinpoint areas of particular relevance that may
be used to spur all parties’ interest and accelerate the implementation of remotely
proctored examinations in higher education institutions (HEI).
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INTRODUCTION

Assessment plays a crucial role in the learning process, it gives tangible proof of
what is learned, gauges student progress, and indicates a grasp of the subject
content (Popham, 2003). For centuries, pen-to-paper has been the most employed
mode of assessment delivery to evaluate learners and measure educational
achievements in all forms of education, from elementary to tertiary. However, the
past three decades have witnessed a sporadic yet progressive transition in the
modalities and structures of assessments (Hunsu, 2015; Guimaraes et al., 2018;
Jia et al., 2022; Elosua et al., 2023). The arrival and introduction of computers in
the early 90s and their generational evolution over time, introducing new features
and capabilities, have led to the development and usage of what is now popularly
referred to as “digital assessment” (Boitshwarelo et al., 2017; Tran et al., 2021). As
technology develops, new and creative digital assessment approaches are being
created to evaluate learners utilising various digital tools such as multimedia,
gamification, collaborative tasks, personalised feedback, and real-world application
to support a more engaging and effective educational experience (Ndibalema,
2021). In addition to the technological advancements, studies have linked a rise in
student enrolment in educational institutions as another factor contributing to the
transition from paper-based assessments to digital ones. This shift is due to the
rising resources needed for grading and providing feedback to a larger number of
learners in different courses (Jonsdottir et al., 2017). Research has shown that
digital technologies may assist in revolutionising education, as it tends to be a more
student-centred and technology-mediated method of learning (Alessio et al., 2017;
Boldyrevskii et al., 2022; Keane et al., 2022; Mari State University et al., 2022). It
offers potentially advantageous qualities such as affordances and provides more
individualised, flexible, and palatable experiences to the learners (Keane et al.,
2022). The increasing reliance on RPE in the post-COVID-19 educational landscape
has raised concerns among faculty and academic administrators regarding the
validity and security of the assessment process. While RPE offers advantages such
as flexibility and convenience, there are lingering uncertainties about the impact on
academic staff experiences, student experiences and broader educational
objectives. Additionally, technical challenges, including internet connectivity issues
and power availability, particularly in developing nations, pose potential threats to
the reliability of assessment results. This study aims to explore the perceptions of
educators and students through the lens of the proposed combination of IDT and
UTAUT2 model, aiming to understand the factors influencing the acceptance and
use of RPE and their implications for academic integrity, student experiences, and
broader educational objectives.

Literature Review

In Nigeria, before the COVID-19 outbreak, higher education institutions had only
limited adoption of digital assessments, with the majority of institutions only using
the most basic version, a computer-based test (CBT) with multiple-choice
questions. When the pandemic hit, the move to digital or online education became
necessary due to the movement lockdown enforced by numerous governments
worldwide (Shao, 2020). Within the shortest time, there was a proliferation of
digital tools and technology platforms, leading to significant changes in the
organisation of the educational sector, including learning methodologies, teaching,
and administrative strategies, and assessment methodology (EY India, 2021).
Digital assessments gained popularity due to their ability to address the
aforementioned lockdown constraints as well as the benefits they provide such as
remote administration, personalisation of learning resources, automation of
learning processes, and instant feedback to all stakeholders (Alruwais et al., 2018).
As a result, within minimal time, educational institutions began utilising robust
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forms of online assessments such as simulation-based assessments and proctored
exams to evaluate educational outcomes and assess students’ knowledge and skills.
Proctored assessments became a crucial technology for evaluating students during
and after the pandemic, resulting in a “new normal” that transformed the
educational experience for future generations (Kharbat & Abu-Daabes, 2021).

RPE refers to an online assessment in which a student participates in an exam from
a remote location. To prevent cheating, this mode of exam is usually invigilated
either by a human via a webcam, microphone, and other digital tools (Cherry et al.,
2021) or through the use of an artificial intelligence (AI) powered agent that
monitors examinee activities (Paredes et al., 2021). Of both modes of proctoring,
Al-based RPE is preferred as it eliminates the need for a human supervisor, amid
personnel shortages and it accommodates flexible schedules (Paredes et al., 2021).
Some of the features introduced in RPE software to ensure exam integrity and
prevent cheating include screen and webcam monitoring. Students' PCs with
webcams and microphones are turned on to record and monitor their activities and
verify their identities using face recognition both before and during live exams.
Other features such as screen recording, browser lock, posture, and head angle
monitoring are some of the other features of RPE (Nigam et al., 2021; Paredes et
al., 2021; Raman et al., 2021).

Studies have investigated the validity and reliability of remotely proctored
examinations in comparison to traditional, or face-to-face examinations, and some
of the findings suggest that RPE can provide similar levels of security and validity as
much as traditional proctored examination (Weiner & Hurtz, 2017; Cherry et al.,
2021). However, concerns have also been raised about the technical issues that
could arise, such as the availability and affordability of adequate internet
connectivity problems, and poor power availability, especially in developing nations,
which can negatively impact the validity of the examination results if participants
face such challenges (Ishtiaq et al., 2022). Marais (2022) attempted to holistically
understand how academics perceive academic integrity in RPE, he reported bias
and critiques of proctoring approaches as many academics complained about the
enormous workload placed on them, particularly in human-proctored RPE. The
question of who is in charge of cross-checking participants' identities, flagging
students who are allegedly cheating, reviewing recorded media of students'
screens, and putting together cases to be presented to the disciplinary committee
are some of the concerns raised (Marais, 2022). From the viewpoint of the
students, some stakeholders felt RPE is a form of power play that gives
academicians and the institution control over students, in that several RPE features
can likely make students nervous throughout the test process. The issues of privacy
and human rights infringement were also reported (Langenfeld, 2020; Khalil et al.,
2022; Scassa, 2022).

Post-COVID-19 research has found that faculty and academic administrators are
becoming hesitant to continue adopting RPE due to concerns about the validity and
security of the assessment process (Akaaboune et al., 2022; Paredes et al., 2021).
While adopting these technologies is necessary during the COVID-19 pandemic
period, researchers believe it is vital to pause and think about the broader effects of
implementing such technological “solutions” and examine how technology and
assessment processes intersect with the broader objectives of education (Fawns &
Schaepkens, 2022). Students, on the other hand, have mixed opinions, with some
commending the flexibility, convenience, and positive exam experience availed by
RPE (Paredes et al., 2021; Lee & Fanguy, 2022), while others feel that RPE is
invasive and uncomfortable (Alessio et al., 2017; Kharbat & Abu-Daabes, 2021;
Vasiliki et al., 2021). The effects of RPE on student outcomes, including
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performance, motivation, and engagement, have also been studied. Some of these
studies have found that RPE has a favourable effect on student motivation and
engagement (Alessio et al., 2017; Cherry et al., 2021; Boldyrevskii et al., 2022),
Others, however, have found no discernible difference between a remote and a
conventional proctored exam (Vasiliki et al., 2021).

Theoretical Framework

In the absence of coercion, the adoption of complex, new technologies such as RPE
is always slow, uncertain, and sometimes risky (Cho & McCardle, 2009). Most of the
time, these technologies are implemented with an expectation that is weighed
against the cost, which might not necessarily be monetary (Heidenreich & Talke,
2021). The degree of ignorance, reluctance to change, worry about making the
wrong decision, technological inadequacy, and other strange factors can also have
an odd impact on how people accept new technologies. The literature on technology
adoption has proposed several models to explain user behaviour in adopting and
using information technology and one of the most employed models is the Unified
Theory of Acceptance and Use of Technology (UTAUT) model (Venkatesh et al.,
2003), which employs human psychology and sociology characteristics to explain a
user's intent to accept a technology and subsequent usage behaviour. The UTAUT
model was initially composed of four constructs: Performance Expectancy, Effort
Expectancy, Social Influence, and Facilitating Condition. Later, however,
(Venkatesh et al., 2012) identified important new constructs and relationships that
were incorporated into UTAUT, modifying it to fit a consumer use context model.
This model was nhamed UTAUT2 (Venkatesh et al., 2012).

UTAUT2 is typically adequate and employed in many technology adoption
estimation kinds of research; however, it was found insufficient due to the
peculiarities of RPE and its features. To establish a more complete measurement of
new technology acceptance, Dwivedi et al. (2019) suggested including some of the
constructs from the IDT (Zhang et al., 2008) in the UTAUT2 model (Venkatesh et
al., 2012). The IDT was proposed by Rogers & Cartano (1962) to evaluate how new
ideas and technologies spread within a social system over time. In an attempt to
explore earnestly the full spectrum of variables that drive RPE acceptability in
higher education institutions and present a more complete picture of the factors
that might influence this technology adoption, this research hybridised constructs
from both UTAUT2 and IDT as the proposed technology acceptance model.

In this study, the latent variables related to technology acceptance behaviour were
derived from established research on IDT and UTAUT2. The adaptation of these
measures allowed for a systematic approach to examining the technology
acceptance behaviour of the participants. Figure 1 shows the framework of the
variables used in this research. It comprised eight exogenous constructs which are
Performance Expectancy (PE), Effort Expectancy (EE), Social Influence (SI), Image
(IM), Hedonic Motivation (HM), Price Value (PV), Personal Innovation (PI),
Facilitating Conditions (FC), and one endogenous construct i.e., Behavioural
Intentions (BI). The explanation of the proposed model construct is presented in
Table 1.

Table 1: Proposed model constructs

Constructs Explanation

PE PE is characterised by an individual's confidence that utilising new
technology will enhance their performance to attain job-related
benefits. In this investigation, PE pertains to the academic staff
and learners’ conviction that utilising an RPE will aid them in
accomplishing their goals with greater effectiveness and efficiency.
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EE

EE is defined as the belief that an individual's interaction with the
information system will be uncomplicated and trouble-free.

SI

SI refers to external influences, such as peer or supervisory
pressure, encouragement from the faculty, and so on, that affect
stakeholders' perceptions of system use.

IM

IM refers to how new technology, in this case, RPE, is perceived by
stakeholders in terms of its characteristics, benefits, and potential
drawbacks.

HM

HM is described as the fun or pleasure resulting from using a
particular technology, and it is predicted to have a direct influence

111

on technology acceptance and use.

PV

PV refers to an individual’s cognitive trade-off between the
perceived benefits of using a system and the amount spent.

PI

Personal innovativeness is a stable personality trait that makes
individuals desire to try out new technological advancements.

FC

FC refers to the extent to which an individual believes that
organisational support and infrastructure are available to support
the system's use.

BI

BI refers to the behavioural readiness to accept, Use or adopt a
particular technology.

Source: (Venkatesh et al., 2012; Zhang et al., 2008)

GENDER

AGE

DEPARTMENT

ROLE/STATUS

YEARS OF
SERVICE

RANK

Hypothesis
A hypothesis is seen as a study solution to a problem that is still a speculation since
it has to be proven. This study proposes various hypotheses to explain what factors
affect the utilisation of remotely proctored exams in higher education institutions
based on the proposed model (See Table 2).

PERFORMANCE
EXPECTANCY

BEHAVIOURAL
INTENTION

HEDONIC
MOTIVATION

PERSONAL
INNOVATIVENESS
FACILITATING
CONDITION

Figure 1: The proposed research model



112 Multidisciplinary Journal of Distance Education Studies, 2024, 2(1)
Table 2: Hypothesis

Performance expectancy positively affects the behavioural intention to use

H1 RPE

H2 Effort expectancy positively affects the behavioural intention to use remote
RPE

H3 Social Influence positively affects the behavioural intention to use RPE

H4 Image positively affects the behavioural intention to use RPE

H5 Hedonic motivation positively affects the behavioural intention to use RPE

H6 Price Value positively affects the behavioural intention to use RPE

H7 Personal innovation positively affects the behavioural intention to use RPE.

H8 Facilitating conditions positively affect the behavioural intention to use
RPE.

Methodology

Empirical data was collected through a self-administered questionnaire distributed
via Google Forms. The participants consisted of academic staff and learners of the
Ladoke Akintola University of Technology Open and Distance Learning Centre
(LODLC) in Nigeria, who were selected as they represent primary stakeholders in
this research context. LODLC was selected due to its dual-mode lecture delivery
and extensive experience with RPE, offering a rich context to explore stakeholders’
perspectives on RPE implementation. Participants were selected using a stratified
random sampling method to share their experiences and opinions on RPE through
closed-ended questionnaires. The calculated sample size for the survey was 365
using Cochran's formula. However, only 197 participants responded. The collected
data were analysed using descriptive analysis, while inferential statistics such as
correlation and multiple regression analysis were employed to analyse the
formulated hypothesis. All analyses were done at a 95% confidence level. Ethical
considerations in questionnaire administration were upheld by ensuring voluntary
participation, confidentiality of responses, and obtaining informed consent from
participants.

Data Analysis

A demographic study was conducted to learn more about the characteristics of the
participants. Then, descriptive statistics were generated for the sample. Multivariate
regression analysis was employed to examine the proposed hypotheses. This study
used the correlation matrix analysis and multivariate regression analysis approach
to examine the interrelationships among the variables and how multiple
independent variables collectively influence a single dependent variable. It provides
a more comprehensive view of the combined effects of different factors, allowing
for a deeper understanding of the relationships in the data. This enhanced analysis
improves the precision and accuracy of statistical modelling and the insights
derived from it. IBM SPSS version 26 was used for data analysis.

Result

This section presents the result of the analysis of the data collected from the
respondents.

Reliability test
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Reliability tests were run on the gathered data to ensure measurement stability and
consistency and to provide users with confidence in the dataset's dependability.

Table 2: Reliability test

Factors Cronbach's Alpha
Performance Expectancy 0.929
Effort Expectancy 0.925
Social Influence 0.831
Facilitating Condition 0.148
Hedonic Motivation 0.871
Price Value 0.741
Image 0.893
Personal Innovation 0.679
Behavioural Intention 0.722

Source: Authors Computation (2024)

The findings of the reliability study show that the variables under consideration
exhibit various degrees of internal consistency. Performance Expectancy (0.929),
Effort Expectancy (0.925), Social Influence (0.831), Hedonic Motivation (0.871),
and Image (0.893) are high-reliability variables with values that are near to 1.
Moderate reliability factors are Behavioural Intention (0.722) and Price Value
(0.741). Although Personal Innovation (0.679) has a value below the generally
agreed lower limit of 0.70 for Cronbach's alpha, it is still considered acceptable by
Taber (2018) and Hair et al. (2006), who stated that Cronbach's alpha value of
0.679 falls within the range of acceptable value. Therefore, Personal innovativeness
is acceptable in this study. Cronbach's alpha value for the Facilitating Conditions
factor is 0.148, well below the generally accepted lower limit of 0.70.

Consequently, it will not be considered in our analysis. The overall reliability for all
the instruments is 0.87. This means high internal consistency exists for all the
models' instruments.

Descriptive Data

As indicated in Table 3, the total number of participants in this study was 197;
59.4% of the participants were male, and 40.6% were female. The largest age
group was found to be in the 26 to 30 range, representing 19.8% of the
respondents. The participants had diverse academic backgrounds, with the largest
group being in the field of computer science/IT/technology (27.9%). 36.5% of the
participants had prior experience with RPE, while 63.5% had not. 67.0% of
participants are students and 33.0% are staff. The largest group among academic
ranks is assistant lecturers/lecturer II (11.2%) followed by senior lecturers (8.1%).
These findings indicated that the majority of the stakeholders in the selected higher
institutions are fairly represented.

Table 3: Demography

Frequenc Percentag

y e

Gender Male 117 59.4
Female 80 40.6

Age 15 to 19 6 3.0

20 to 25 34 17.3



114 Multidisciplinary Journal of Distance Education Studies, 2024, 2(1)

26 to 30 39 19.8
31 to 35 27 13.7
36 to 40 31 15.7
41 to 45 16 8.1
46 to 50 15 7.6
Above 50 29 14.7
Area of Specialisation Agriculture 12 6.1
Environmental Sciences 3 1.5
Arts 3 1.5
Humanities and Social 12 6.1
Sciences
Computer Sc./IT/Technology 55 27.9
Education 26 13.2
Engineering 8 4.1
Accounting Management and 23 11.7
Commerce
Natural Sciences 7 3.6
Health Sciences 38 19.3
Applied Sciences 10 5.1
Have you done or Yes 72 36.5
involve in an RPE?
No 125 63.5
Status Student 132 67.0
Staff 65 33.0
Rank Student 132 67.0
Assistant Lecturer/Lecturer II 22 11.2
Lecturer I 10 5.1
Senior Lecturer 16 8.1
Professor 10 5.1
Others 7 3.6

Source: Authors Computation (2024)

Correlation Analysis

Table 4 presents the pairwise correlations among the factors considered. Based on
the values in the matrix, The correlation coefficients range from 0.497 to 0.838,
such that the highest correlation coefficient is between PE-EE and SI-HM (0.838,
0.772 and 0.801). PV is also strongly correlated with HM and IM. BI is strongly
correlated with PV, and PI is strongly correlated with SI and BI. Indicating a strong
positive association between these variables. This indicates that all correlations
between the dependent and independent variables were both strong and moderate,
and they all had positive linear associations that were significant at 0.01 (p<0.01).

Table 4: Correlation matrix

PE EE SI HM PV BI PI IM
PE 1
EE .838** 1
SI J72%*% 701%* 1
HM B01** [ 739%* [ 774%*% 1

PV J61¥* [ 746%* [ 761%*  |788*%* 1
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BI J56%*% 696 * | 744%*  [741%*
PI 497** . 506** ,587** 530**
IM .638** .673** .630** .695**

115

735** 1
.546**
.700**

.600** 1
661**  622*%* 1

**_ Correlation is significant at the 0.01 level (2-tailed).

Source: Authors Computation (2024)

Multiple Regressions of BI against PE, EE, HM, PV, PI and IM

Table 5 shows the regression model summary. The R Square (R?) value is 0.692,
which means that a 69.2% change in Behavioural intention is due to changes in the
PE, EE, HM, PV, PI, and IM. A significant correlation (p= 0.000) was found between
the dependent variable (BI) and the independent variables (PE, EE, HM, PV, PI, and

IM) in the ANOVA summary.

Table 5: Regression model summary

Model R R Square Adjusted Std. Error of
R Square the Estimate

1 0.832a 0.692 0.680 0.77629

a. Predictors: (Constant), Image, Personal Innovativeness, Performance

Expectancy, Social Influence, Price Value, Hedonic Motivation, Effort

Expectancy

Source: Authors Computation (2024)

Table 6 shows the result of multiple regression for the model analysis. Eight (8)
independent variables were used to predict the behavioural intention to use RPE. It
was observed that four of the independent variables were significant in predicting
behavioural intention to use RPE. According to the results, PE (0.27) and SI (0.177)
have the highest positive standardised coefficients, indicating that they have the
strongest positive relationship with “Behavioural Intention.” The “PI” (0.161) also
has a positive relationship with the dependent variable, with a p-value of less than
0.05, indicating that it is statistically significant. EE (0.008), HM (0.125), PV
(0.142), and IM (0.086) have much weaker or no significant relationship with the

dependent variable.

Table 6: Regression model

Unstandardised
Coefficients

Standardise
d
Coefficients

Mode Std.

I B Error Beta t Sig.

1 (Constant) 0.355 0.166 2.14 0.034
PE 0.113 0.038 0.270 3.%)1 0.003
EE 0.003 0.034 0.008 O.Eio 0.921
SI 0.083 0.035 0.177 2.%5 0.020
HM 0.105 0.068 0.125 1.554 0.125
PV 0.124 0.067 0.142 1.184 0.067
PI 0.137 0.047 0.161 2.24 0.004
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4
IM 0.053 0.040 0.086 1.31 0.192
0

a. Dependent Variable: Behavioural Intention
Source: Authors Computation (2024)

Discussion

Using the proposed technology acceptance model as a theoretical lens, the main
goal of this study is to investigate how educators and students view the RPE in the
selected institution of study. PE was the most powerful predictor of BI on
stakeholders’ perception of the adoption of RPE. This was following the findings of
previous research (Alwahaishi & Snasel, 2013; Chao, 2019; Dwivedi, Rana, et al.,
2019). This means that the stakeholders believed that the RPE technology helps in
saving time and effort, as well as providing a secure, reliable, and efficient exam
experience. This is in support of H1 that PE positively affects BI.

The result of SI (the influence of others, such as peers or colleagues, on the
individual's decision to adopt the technology) on BI was significant, indicating its
significant effect on stakeholders’ acceptance of RPE, which is in support of H3. This
result agrees with the finding of VanDerSchaaf et al. (2023) who reported that SI
stands out as a critical influence on behavioural intention to adopt the software for
accessing university services. This is in contrast to the report of Gunasinghe et al.
(2019) who stated that social influence and personal innovativeness in information
technology were not significant predictors of e-Learning. This difference could be a
result of interpersonal relationships among the considered stakeholders.

PI, or the individual's willingness to try new things, also has a positive and
statistically significant relationship with the intention to use RPE, H7 (Chao, 2019).
On the other hand, the results suggest that other factors such as EE, IM, HM, and
PV have weaker or no significant relationship with the adoption of RPE, therefore,
H2, H4, H5 and H6 were rejected. This could be a result of perceived risks such as
uncertainties and potential negative perception of adopting RPE which may cause
the stakeholders to be hesitant in embracing the technology even if it promises
improved performance (Choe et al., 2021; Ali et al., 2022).

This indicates that while PE, SI, and PI are significant factors in the adoption of
RPE, other factors have less of an effect or may not be as significant. Nevertheless,
the remaining 31.8% of unexplained variance could be further investigated by
increasing the latent or observed variables in the construct.

The findings suggest that academic staff and learners of LODLC perceptions of RPE
are largely dependent on PE, SI and PI In predicting technology acceptance, this
study contributes to the theory of RPE adoption from the perspective of the
academic staff and learners. Therefore, LODLC should create a social norm that
supports the adoption of RPE by promoting and encouraging its use among
academic staff and learners. Likewise, influencing opinion leaders and experts in
shaping their perception and adoption of RPE cannot be underestimated. LODLC can
leverage their reputation and expertise to influence the opinions of opinion leaders
and experts in the field by partnering with leading organisations and promoting the
use of RPE.

Conclusion and Implications
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This study provides insight into the adoption of RPE in the selected higher education
institution by integrating UTAUT2 and IDT construct to establish a relationship with
the BI of stakeholders. The study examined some hypotheses and discovered that
PE (the belief that the technology can accurately assess knowledge and skills), SI
(the influence of others on adoption), and PI (the willingness to try new things) are
the most important factors in the adoption of RPE among stakeholders. EE, HM, PV,
and IM were found to have weaker or no significant relationship with adoption. In
other to improve stakeholders’ acceptance of RPE, LODLC should dedicate more
effort to increasing PE, SI, and PI and partner with leading organisations in RPE to
influence the opinions of opinion leaders and experts. Policymakers in the
institution should incorporate the identified factors that have a significant effect on
the BI of the stakeholders into RPE guidelines to improve the perception of RPE
adoption. Training programs and awareness campaigns on RPE should address
concerns related to PE, and SI, and foster a culture of innovation. Continuous
evaluation and adaptation of RPE approaches are essential to align with evolving
technology and educational practices.

Limitation of the Study

Due to the limited time and scope, the study encountered certain limitations. The
study employed a quantitative survey methodology, capturing data at a single point
in time and the perception of the considered stakeholders could change over time
due to new information and experience, therefore, future studies could employ a
longitudinal design to obtain more accurate findings. Likewise, the study has
focused entirely on a single institution, Ladoke Akintola University of Technology
Open and Distance Learning Centre (LODLC) and the study's findings may primarily
reflect the unique characteristics, policies, and technological infrastructure of
LODLC, limiting the generalisation of findings to other institutions or educational
settings.

Declaration of Interest Statement
There is no conflict of interest in this research work.
Funding
This work was not supported by any funding agency
Data Availability

The data that support the findings of this study are available from the
corresponding author upon reasonable request.



118 Multidisciplinary Journal of Distance Education Studies, 2024, 2(1)

References

Akaaboune, O., Blix, L. H., Carrington, L. G., & Henderson, C. D. (2022).
Accountability in Distance Learning: The Effect of Remote Proctoring on
Performance in Online Accounting Courses. Journal of Emerging Technologies
in Accounting, 19(1), 121-131. https://doi.org/10.2308/JETA-2020-040

Alessio, H. M., Malay, N. J., Maurer, K., Bailer, A. J., & Rubin, B. (2017). Examining
the Effect of Proctoring on Online Test Scores. Online Learning, 21(1).
https://doi.org/10.24059/0lj.v21i1.885

Ali, A., Qaiser, R., & Baig, W. (2022). Examination of Customers Intention to Adopt
Digital Banking Services: Moderating Role of Perceived Risk in Banking Sector
of Pakistan during COVID-19. Journal of Social Sciences Review, 2(4), 27-34.
https://doi.org/10.54183/jssr.v2i4.50

Alruwais, N., Wills, G., & Wald, M. (2018). Advantages and challenges of using e-
assessment. International Journal of Information and Education Technology,
8(1), 34-37.

Alwahaishi, S., & Snasel, V. (2013). Consumers’ Acceptance and Use of Information
and Communications Technology: A UTAUT and Flow Based Theoretical
Model. Journal of Technology Management & Innovation, 8(2), 61-73.
https://doi.org/10.4067/s0718-27242013000200005

Boitshwarelo, B., Reedy, A. K., & Billany, T. (2017). Envisioning the use of online
tests in assessing twenty-first-century learning: A literature review. Research
and Practice in Technology Enhanced Learning, 12(1), 1-16.

Boldyrevskii, P., Vinnik, V., Zalessky, M., Grigoryan, M., & Pravodelova, E. (2022).
Evaluation of the effectiveness of the use of digital educational technologies
in the educational process of a university. Human Resource Management
within the Framework of Realisation of National Development Goals and
Strategic Objectives, 1. https://doi.org/10.56199/dpcsebm.pegw5399

Chao, C.-M. (2019). Factors Determining the Behavioral Intention to Use Mobile
Learning: An Application and Extension of the UTAUT Model. Frontiers in
Psychology, 10, 1-14. https://doi.org/10.3389/fpsyg.2019.01652

Cherry, G., O’Leary, M., Naumenko, O., Kuan, L.-A., & Waters, L. (2021). Do
outcomes from high-stakes examinations taken in test centres and via live
remote proctoring differ? Computers and Education Open, 2, 1-9.
https://doi.org/10.1016/j.cae0.2021.100061

Cho, S.-H., & McCardle, K. F. (2009). The Adoption of Multiple Dependent
Technologies. Operations Research, 57(1), 157-169.
https://doi.org/10.1287/0opre.1080.0534

Choe, J. Y. (Jacey), Kim, J. J., & Hwang, J. (2021). Perceived risks from drone food
delivery services before and after COVID-19. International Journal of
Contemporary Hospitality Management, 33(4), 1276-1296.
https://doi.org/10.1108/I1JCHM-08-2020-0839

Dwivedi, Y. K., Rana, N. P., Jeyaraj, A., Clement, M., & Williams, M. D. (2019). Re-
examining the Unified Theory of Acceptance and Use of Technology (UTAUT):
Towards a Revised Theoretical Model. Information Systems Frontiers, 21(3),
719-734. https://doi.org/10.1007/s10796-017-9774-y

Dwivedi, Y. K., Williams, M. D., Lal, B., & Williams, M. J. (2019). Revisiting the
unified theory of acceptance and use of technology: A literature review and
research agenda. Journal of Business Research, 98, 217-234.

Elosua, P., Aguado, D., Fonseca-Pedrero, E., Abad, F. ]J., & Santamaria, P. (2023).
New Trends in Digital Technology-Based Psychological and Educational
Assessment. Psicothema, 35.1, 50-57.
https://doi.org/10.7334/psicothema2022.241

EY India. (2021). Vision 2040: A prescience to the future of higher education in
India (p. 1). https://www.ey.com/en_in/tmt/vision-2040-a-prescience-to-
the-future-of-higher-education-in-india



Akindele, et. al. (2024) 119

Fawns, T., & Schaepkens, S. (2022). A matter of trust: Online proctored exams and
the integration of technologies of assessment in medical education. Teaching
and Learning in Medicine, 34(4), 444-453.

Guimaraes, B., Ribeiro, J., Cruz, B., Ferreira, A., Alves, H., Cruz-Correia, R.,
Madeira, M. D., & Ferreira, M. A. (2018). Performance equivalency between
computer-based and traditional pen-and-paper assessment: A case study in
clinical anatomy. Anatomical Sciences Education, 11(2), 124-136.
https://doi.org/10.1002/ase.1720

Gunasinghe, A., Hamid, J. A., Khatibi, A., & Azam, S. M. F. (2019). The adequacy of
UTAUT-3 in interpreting academician’s adoption to e-Learning in higher
education environments. Interactive Technology and Smart Education, 17(1),
86-106. https://doi.org/10.1108/ITSE-05-2019-0020

Hair, J., Black, W., Babin, B., Anderson, R., & Tatham, R. (2006). Multivariate data
analysis Prentice Hall Pearson Education (6th ed.). Pearson Prentice Hall.

Heidenreich, S., & Talke, K. (2021). Consequences of mandated usage of
innovations in organisations: Developing an innovation decision model of
symbolic and forced adoption. Academy of Marketing Science Review, 10(3-
4), 279-298. https://doi.org/10.1007/s13162-020-00164-x

Hunsu, N. J. (2015). Issues in transitioning from the traditional blue-book to
computer-based writing assessment. Computers and Composition, 35, 41-
51. https://doi.org/10.1016/j.compcom.2015.01.006

Ishtiaq, K., Ali, A., Alourani, A., Kumar, T., Shahbaz, M., & Raja, M. (2022). An
Investigation of the Educational Challenges during COVID-19: A Case Study
of Saudi Students’ Experience. European Journal of Educational Research,
11(1), 353-363.

Jia, Q., Cao, Y., & Gehringer, E. (2022). Starting from “Zero”: An Incremental Zero-
shot Learning Approach for Assessing Peer Feedback Comments. In E.
Kochmar, J. Burstein, A. Horbach, R. Laarmann-Quante, N. Madnani, A. Tack,
V. Yaneva, Z. Yuan, & T. Zesch (Eds.), Proceedings of the 17th Workshop on
Innovative Use of NLP for Building Educational Applications (BEA 2022) (pp.
46-50). Association for Computational Linguistics.
https://doi.org/10.18653/v1/2022.bea-1.8

Jonsdottir, A. H., Bjornsdottir, A., & Stefansson, G. (2017). Difference in Learning
Among Students Doing Pen-and-Paper Homework Compared to Web-Based
Homework in an Introductory Statistics Course. Journal of Statistics
Education, 25(1), 12-20. https://doi.org/10.1080/10691898.2017.1291289

Keane, T., Linden, T., Hernandez-Martinez, P., & Molnar, A. (2022). University
Students’ Experiences and Reflections of Technology in Their Transition to
Online Learning during the Global Pandemic. Education Sciences, 12(7), 453.
https://doi.org/10.3390/educsci12070453

Khalil, M., Prinsloo, P., & Slade, S. (2022). In the nexus of integrity and
surveillance: Proctoring (re) considered. Journal of Computer Assisted
Learning, 38(6), 1589-1602.

Kharbat, F. F., & Abu-Daabes, A. S. (2021). E-proctored exams during the COVID-
19 pandemic: A close understanding. Education and Information
Technologies, 26(6), 6589-6605.

Langenfeld, T. (2020). Internet-based proctored assessment: Security and fairness
issues. Educational Measurement: Issues and Practice, 39(3), 24-27.

Lee, K., & Fanguy, M. (2022). Online exam proctoring technologies: Educational
innovation or deterioration? British Journal of Educational Technology, 53(3),
475-490. https://doi.org/10.1111/bjet.13182

Marais, I. E. (2022). Institutionalisation of academic integrity: Experiences at a
distance education university in South Africa during COVID-19. Critical
Studies in Teaching and Learning, 10(2), 57-79. https://doi.org/DOI:
10.14426/cristal. v10i2.585



120 Multidisciplinary Journal of Distance Education Studies, 2024, 2(1)

Mari State University, Fedorova, S. N., Golikova, N. D., & Mari State University.
(2022). Digital competence of the educational process parties. Vektor Nauki
Tol’yattinskogo Gosudarstvennogo Universiteta. Seriya Pedagogika i
Psihologiya, 2, 36-42. https://doi.org/10.18323/2221-5662-2022-2-36-42

Ndibalema, P. (2021). Online Assessment in the Era of Digital Natives in Higher
Education Institutions. International Journal of Technology in Education, 4(3),
443-463. https://doi.org/10.46328/ijte.89

Nigam, A., Pasricha, R., Singh, T., & Churi, P. (2021). A systematic review on ai-
based proctoring systems: Past, present and future. Education and
Information Technologies, 26(5), 6421-6445.

Paredes, S. G., de JesuUs Jasso Pefia, F., & de La Fuente Alcazar, J. M. (2021).
Remote proctored exams: Integrity assurance in online education? Distance
Education, 42(2), 200-218.
https://doi.org/10.1080/01587919.2021.1910495

Popham, W. J]. (2003). Test Better, Teach Better: The Instructional Role of
Assessment. ASCD.

Raman, R., B, S., G, V., Vachharajani, H., & Nedungadi, P. (2021). Adoption of
online proctored examinations by university students during COVID-19:
Innovation diffusion study. Education and Information Technologies, 26(6),
7339-7358. https://doi.org/10.1007/s10639-021-10581-5

Rogers, E. M., & Cartano, D. G. (1962). Methods of measuring opinion leadership.
Public Opinion Quarterly, 435-441.

Scassa, T. (2022). The surveillant university: Remote proctoring, AI, and human
rights. Can. J. Comp. & Contemp. L., 8, 271.

Shao, P. (2020). Impact of city and residential unit lockdowns on prevention and
control of COVID-19. https://doi.org/10.1101/2020.03.13.20035253

Taber, K. S. (2018). The Use of Cronbach’s Alpha When Developing and Reporting
Research Instruments in Science Education. Research in Science Education,
48(6), 1273-1296. https://doi.org/10.1007/s11165-016-9602-2

Tran, T. P., Sidhu, L., & Tran, D. (2021). A Framework for Navigating and
Enhancing the Use of Digital Assessment. 2021 5th International Conference
on E-Society, E-Education and E-Technology, 1-6.
https://doi.org/10.1145/3485768.3485803

VanDerSchaaf, H. P., Daim, T. U., & Basoglu, N. A. (2023). Factors Influencing
Student Information Technology Adoption. IEEE Transactions on Engineering
Management, 70(2), 631-643. https://doi.org/10.1109/TEM.2021.3053966

Vasiliki, A., Sanne, P., Jan, E., Johan, W., & Birgitte, S. (2021). Remote versus on-
site proctored exam: Comparing student results in a cross-sectional study.
BMC Medical Education, 21(624). https://doi.org/10.1186/s12909-021-
03068-x

Venkatesh, V., Morris, M. G., Davis, G. B., & Davis, F. D. (2003). User acceptance
of information technology: Toward a unified view. Management Information
Systems Quarterly, 27(3), 425-478. https://doi.org/10.2307/30036540

Venkatesh, V., Thong, J. Y. L., & Xu, X. (2012). Consumer Acceptance and Use of
Information Technology: Extending the Unified Theory of Acceptance and Use
of Technology. MIS Quarterly, 36(1), 157-178.

Weiner, J. A., & Hurtz, G. M. (2017). A comparative study of online remote
proctored versus onsite proctored high-stakes exams. Journal of Applied
Testing Technology, 18(1), 13-20.

Zhang, N., Guo, X., & Chen, G. (2008). IDT-TAM integrated model for IT adoption.
Tsinghua Science and Technology, 13(3), 306-311.
https://doi.org/10.1016/S1007-0214(08)70049-X



Akindele, et. al. (2024) 121
Authors

Akinyinka Tosin Akindele is an experienced instructional designer, e-Tutor,
lecturer, and data analyst. With a strong background in e-learning, he has served
as the Lead e-learning Manager at Digital Skill Innovation Hub (DISH), focusing on
enhancing employability and resilience through online education. He has also been
a Lead Instructional Designer at Kampala International University and an e-Tutor at
Ladoke Akintola University of Technology. He holds a BTech in Computer Science,
an MTech in Computer Science from Ladoke Akintola University of Technology and
currently pursuing his PhD in Information Technology at Durban University of
Technology, South Africa.

Olasunkanmi Opeoluwa Adeoye is a versatile professional with expertise
spanning engineering and e-learning. His passion lies in harnessing technology to
optimize educational outcomes. At LAUTECH's Open and Distance Learning Centre
(LODLC), Nigeria, he serves as an e-tutor/Learner Support. He holds a B.Eng. and
M.Tech in Mechanical Engineering from University of Ilorin and Ladoke Akintola
University of Technology respectively, M.Sc. in Financial Engineering from
WorldQuant University and presently pursuing his PhD. In Mechanical Engineering
at Federal University Itajuba, Brazil.

Oladiran Tayo Arulogun is a professor of computer system engineering with
specialty in microprocessor and control engineering. With extensive experience in
academia, research, and educational technology, he has led significant initiatives,
including founding startups and co-founding educational non-profits. He has held
key roles such as Deputy Vice-Chancellor at Kampala International University and
Center Director at LAUTECH Open and Distance Learning Centre. He is currently the
vice chancellor at MIVA Open University, Nigeria. His work focuses on enhancing
education through technology and innovative strategies.

James Segun Osunniyi is an accomplished professional with extensive experience
in systems administration, web development, and network administration. He is
also an expert in e-learning and instructional design, leveraging his technical skills
to create effective educational platforms. James holds both a Bachelor’s (BTech)
and a Master's (MTech) degree in Electrical and Electronics Engineering from
Ladoke Akintola University of Technology (LAUTECH). His diverse expertise makes
him a valuable asset in the intersection of technology and education.

Rofiat Yetunde Akanbi is a dedicated e-tutor at the LAUTECH Open and Distance
Learning Centre. She has a strong academic background in computer science,
holding both a Bachelor of Science (BSc) and a Master of Science (MSc) degree in
the field. With her expertise in computer science and experience in e-tutoring,
Rofiat is committed to delivering high-quality education and supporting students in
their learning journey. Her role at LAUTECH involves leveraging digital tools and
methodologies to enhance the learning experience for distance learners.

Moses Fajobi Oluwatobi is a distinguished scholar and researcher with a robust
academic background in engineering and applied sciences. He holds a Bachelor of
Technology (BTech) and a Master of Technology (MTech) in Mechanical Engineering
from Ladoke Akintola University of Technology (LAUTECH) and a PhD in Mechanical
Engineering from University of Ilorin. His research has been published in various
reputable journals, reflecting his expertise in both theoretical and applied aspects of
engineering. He is also involved in instructional design and e-learning,
demonstrating a commitment to advancing educational methodologies.



